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Automatic incident detection based on vehicle networking
of multi-agent information fusion method
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Abstract: In order to make up for present shortcomings of automatic identification of traffic acci-
dents process and status this paper, focused on new features reflected by road traffic information
of vehicle network, and proposed a multi-agent based vehicle network information fusion algo-
rithm (VIFMA) which casts information fusion problem into an agent decision problem by intro-
ducing decision-making matrix into multi-agent systems to realize the automatic detection of traf-
fic accidents. VIFMA makes use of multi-agent clustering method to classify sorting vector of in-
dividual agent. The experimental results show that, VIFMA is able to distinguish three catego-
ries, i. e. free flow, aggravation and dissipation of congestion, when some traffic incidents hap-
pen. It also reveals there is certain “sticky” between the aggravation and dissipation of conges-
tion. Comparing with the connection method, the experiments show VIFMA owns better fault-
tolerant performance and stability characteristics. 5 tabs, 5 figs, 29 refs.
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Fig. 1 Vehicle networking information fusion
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